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* Data Distillation
* Network Design
* Experiments

e Conclusion
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* Mask-RCNN architecture
* SeNet-154 provides the best accuracy.
* FPN backbone
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Image Ensemble
Student Model > Predict
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generated annotations generated annotations
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Network Design

How to make the DensePose network better?
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Network Design

 Top-down Pipeline . Backbone + RPN
* FPN + Mask R-CNN
* Backbone: SeNet154

L. § " ResNet /i
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e Data: COCO only
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 Head Aspect ratio Rois size: 88 x 64
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DenseposeHead
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 Head Aspect ratio Rois size: 88 x 6

e Scale Transfer Layer
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Experiments Q@rrs
Comparison of different methods
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Due to the time limit, we only compared different methods on ResNet-18.
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Results @ F 4

Y

Data Data AP AR
Detection 0.641 0.225
Our val
_ DensePose 0.574 0.689
single Detect
etection - -
model test
DensePose 0.568 0.685

Finally, We use single model (SeNet-154) as our final submission.
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Resnet50 (Ours)
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